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As of today, Artificial Intelligence has gained a lot of attention and is currently being developed rapidly. As one
of the key technologies, Computer Vision has become the focal point of many researches and applications, due to
the rapid development of pedestrian detection and tracking methods used in Intelligent Surveillance Systems and
Self-driving Cars. Pedestrian detection and tracking are two different technologies, yet inseparable when used in
applications. Due to the rise of deep learning, pedestrian detection has made great progress in accuracy, which
also has driven the improvement of pedestrian tracking. In this paper, we in detail go through the introduction
of pedestrian detection and tracking technologies, including the development of both technologies, and also the
introduction of online multiple object tracking systems.
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